
Introduction

Intravenous vancomycin in hemodialysis (HD)

Several population pharmacokinetic (popPK) models have been 
developed, but none proved adequate for our population4
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Key findings
Comparison of Predictive Performance
• Visual assessment suggest older age (≥65 years), higher BMI (≥30 kg/m²) and late-stage 

treatment (≥14 days) as potential sources of bias and imprecision in the original models. 

Multivariable Logistic Regression:
• Logistic regression analysis identified several clinical covariates associated with poor 

performance in the original models. Residual diuresis, advanced age and elevated BMI 
remained statistically significant predictors following model refinement.

Conclusion: Our findings indicate that model refinement alone is insufficient. 
Residual diuresis, age and BMI should be prioritized for inclusion in future popPK 
model development.

Figure 1. Violin/box plots of prediction errors according to (A) age, (B) treatment 
duration and (C) BMI categories. ± 20% and ± 30% thresholds are depicted by 
dashed blue and horizontal lines, respectively.
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Objectives

• Compare population predictions 
according to clinical covariates

• Identify clinical predictors of poor 
predictive performance

Logistic regression performed with 
generalized estimating equations 
approach with exchangeable 
correlation matrix 
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